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Abstract: In recently social world, there is a flood of various data, and it is growing a desire to discover
informative information in those data and to utilize them. Moreover, those data are changing more huge
and complex. In particular, it is called such data that generate intermittently and di erent interval to data
stream represented by sensor network and stream mining is technology to discover informative information
from data stream have been a focus of attention. In this paper, we focus on classi cation learning which
is analytic method of stream mining. We are concerned with decision tree learning called VFEDT to regard
real data as data stream. However, there are some data whose rate of classes of data in real data is
extremely di erent, and credit card transaction data is one of the those data. Therefore we propose and
implement new statistical criterion used in nodes construction algorithm implemented VFDT and evaluate
whether it can support in inhomogeneous distribution data stream.
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