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Advances in machine learning technologies make inductive programming a reality. As opposed to the con-
ventional (deductive) programming, the development process for inductive programming is such a way that
the requirements are translated into a training data set and the implementation is (semi-) automatically
done by a machine learning algorithm. However, currently machine learning-based systems are developed on
mostly trial-and-error basis and no common methodology is established. This paper discusses how systems
with machine learning capability should be developed and operated and proposes a new discipline, machine
learning engineering, to organize a body of knowledge.
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