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Machine learning method based on Artificial Neural Network
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Deep Learning uses ANN with deeper layer
- SO EEELGEBH A
Deep Learning can learn more accurately
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Deep Learning can solve problems could not be done with previous technology
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Reinforcement Learning Natural Language Processing
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Image Recognition Generative Model
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We challenge to the development of applied technology by deep learning
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Pose Estimation
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In personal video streaming and virtual YouTuber activities,
the demand of voice conversion is increasing
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It converts particular voice It converts low-quality Akane
to Akane voice to high-quality Akane
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We'll try to convert particular voice to voice of Kotonoha BE PRE

Akane by using Deeplearning
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[1] "'VOICEROID2 Z%E# - %, https://www.ah-soft.com/voiceroid/kotonoha/ (£#&2018-11-30).
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Now, motion capture needs various equipments and large space
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We propose a motion capture technique without neither large
equipments nor third person camera.
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%E]ﬁtﬁi% Experiments and Results
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We used DenseNet-72
Dense Block(DB) Transition Layer(TL)
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Conv—DB—TL — DB —

—TL—>DB—Pool—Linear
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We could not construct good estimator
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[1] "VOICEROID2 Z# - %, https://www.ah-soft.com/voiceroid/kotonoha/ (£82018-11-30).
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[21WE T2, KE%8 I8, B S, 1R WA, MR (R BAB=2—5 0%y hU— o RAWEERHRETAL INY MO S ABMEIC & SERER, SXVKIOL, 2018,

[3]Furusawa, C. Hiroshiba, K., Ogaki, K. and Odagiri, Y::

SIGGRAPH Asia Technical Briefs, p. 12 (2017).

[41Zhang, H., Xu, T., Li, H., Zhang, S., Huang, X., Wang, X. and Metaxas, D.: Stackgan: Text to photo-realistic image synthesis with stacked generative adversarial networks, ICCV, pp. 5907-5915

(2017).
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Noise Stretch Shift
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- Dense Block(DB) & Transition Layer(TL)
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Transition Layer
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Conv DB TL DB

TL DB Pool Linear

[1]https://arxiv.org/pdf/1512.03385.pdf
[2] http://openaccess.thecvf.com/content_cvpr_2017/papers/
Huang_Densely_Connected_Convolutional CVPR_2017_paper.pdf
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